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A Scene Text Image Super-Resolution Method Guided by Text Semantics in Wild
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2. School of Computer Science, Xi’an Polytechnic University, Xi’an 710048, China)

Abstract Aimed at the problems that in scene text image super-resolution, prior information is inaccurate and in-
sufficient in utilization and text edge is incomplete in recovery, a scene text image super-resolution method guided
by text semantics is proposed. This network structure is composed of a super-resolution reconstruction module and
a text semantic-aware module. To further improve the expression ability of the super-resolution network, a recur-
rent crisscross attention mechanism is used to capture global contextual information, making the model pay more
attention to the text region during training. And simultaneously, in order to generate sharp edges, a soft-edge loss
and a gradient loss are proposed to constrain the reconstruction process. The performance of the proposed model is
verified on the public scene text image super-resolution dataset TextZoom with eight mainstream deep network
models. Compared with TSRN, the average recognition accuracy of the proposed model is promoted to 2. 06 %, 1.
80%, and 2. 89% by three different recognizers respectively, and the proposed model also has advantages in PSNR
and SSIM indicators.
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BICUBIC  64.11 40. 96 31.35 46. 55 55.90 35.22 28.07 40. 66 36. 38 21.12 21.07  26.75
SRCNN 67.26 43. 80 33.06 49.15 59. 36 36. 64 29. 64 42. 88 40. 89 21.19 21.30 28.51
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