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Abstract Aimed at the problems that tracking failure remains in visual tracking, being caused by complex
scenes such as scale changes and occlusion, a target scale estimation algorithm with adaptive change of
scale aspect ratio is proposed. An aspect ratio estimation of the target is realized by adopting 35X 35 scale
factors in the algorithm. In order to reduce the amount of calculation, the two-dimensional scale sampling
factor is selected by hierarchical scale estimation. By so doing, not only the optimal scale of the target is
determined, but also the algorithm is improved. In order to further improve the robustness of the tracking
algorithm, the Euclidean distance of the response vector between two adjacent frames is used as the criteri-

on for judging whether the template is updated. The scale estimation and template update module proposed

R HHI: 2020-07-08
EEWMAB: BERXRBAB¥HESE62072370;61703423)
EE® . SFFE#F1995—) g A 0B LA B 7 1) R AL FEFD H AR BRER . E-mail :15938235117@163. com

S| k. RIE. GI#H, & —HKEREER TR ARREGITEA[]] ZEIBAZFRAHKBFNR . 2021, 22(1);
77-84. GUO Jingjing, HOU Zhiqgiang, CHEN Lilin. et al. An Algorithm of Target Scale Estimation Based on Adaptive Change of Aspect Ratio
[J]. Journal of Air Force Engineering University (Natural Science Edition). 2021, 22(1) . 77-84.



78 ZEETRERR¥EZR BRI

2021 &

in this paper are introduced into the current three excellent correlation filtering algorithms DSST, HCF

and OSA. The experiment results show that compared with the original algorithm, the tracking success

rate and accuracy are improved significantly by using the new algorithm. On the OTB100 data-set, the suc-

cess rate increases by 1. 3% ,1.4% and 1. 4% respectively compared with the above three original algo-

rithms. The accuracy increases by 1.2%, 1.3% and 1. 0% respectively, especially in complex scenes such

as scale changes and target occlusion. The new algorithm is advantageous to the visual tracking.
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