5§ 21 B4 2 ) = EOTOBOR ¥

2020 4 4 A

JOURNAL OF AIR FORCE ENGINEERING UNIVERSITY(NATURAL SCIENCE EDITION)

s

& Vol. 21 No. 2

Apr. 2020

i CA ARE 2 RO

ETFREZIH DTMB 4p%

M &', W k',

L BT RRF P 28 5B . PU 4, 7100515 2.

=4

S
e

= gy
=%

~
=1

RSHRE A S B E

=51.2

/fél ’ /,%/f’—j;‘ B
{5 BB 45 AR i [ A8 0 . P 22, 710077)

SEBBEWNEERNER TR T HFLEERDTMB A BA R FANBEME L. T 5% £ HFiH 0
MEEHBER AN CBER. AP A XERETREFI B RN EEFE I F EIINEH

REASHERGEN LR, AAOEERENS S ERARTAR FEAS S FAE NS, AEE R
GBI RE S EHME, TG ETREE A WSS GG TR A RRA K ET

F KB RN M
KW SNEEAEFLREF I DTIMB &5 58 it

DOI  10.3969/j. issn. 1009-3516. 2020. 02. 009
hE4SES TNISS XEtFRERL A XEHS

1009-3516(2020)02-0061-04

DTMB Passive Radar Reference Channel Estimation Based on Deep Learning
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2. Collaborative Innovation Center of Information Sensing and Understanding, Xi’an 710077, China)

Abstract: The purity of reference data affects the detection capability of DTMB passive radar, and the ac-

curacy of reference channel estimation is a key factor to affect the recovery of reference data. In view of

this problem, the channel estimation method based on the deep learning theory is introduced into the pas-

sive radar reference channel estimation process. The reference channels are modeled by the autoregressive

model and the reference channel estimation network is built. After iterative training, the reference channel

response is estimated. Compared with the traditional algorithm, the estimation accuracy of reference chan-

nel based on deep learning is improved effectively, and
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