N

B 18 B 11 2 % T OB OR ¥ % WEKEERD Vol. 18 No. 1
2017 4E 2 A JOURNAL OF AIR FORCE ENGINEERING UNIVERSITY (NATURAL SCIENCE EDITION) Feb. 2017

M EME SN ESM 5E 1AMt <BKE %

kE®, T 2, BAEHF, HX&., T &
(55 B TR R 2SR TR 24 Be - 1522 .710038)

HE 4 lsh B AT %ﬂxXL@WﬂhTé’JESM%mLébﬁmﬂ%ﬁilﬂﬁﬂ,%mﬂjT THRHAWEME S
THEMEXKEE, ZEESEAERT ESMGERBENFAERNME LR L P REFHNER . A K. &
E M ZAfEEZE8,.F5 Hﬁ%&]@%%,mﬂjﬁﬁﬁq W EREEMRNEN S SITE T &, X
THEMIFMENHAT AR, FELEREA EEREF 200 m . AW S EHEZENE L RK
MR KK EHRE N S5. 2% MA KK EF W ARKEFE N 74.0%0., B AEAFEFmELHEN
REWBAT EENXBEREBATTEANSEZEME SR RN XBKH &,

KR EMEATIN s MEXBKENEZ:IAFKEE T

DOI 10. 3969/j. issn. 1009-3516. 2017. 01. 008

hESYZES TP274 XEttRERL A XEHS 1009-3516(2017)01-0044-06

An ESM-Radar Track Correlation Algorithm Based on Improved Fuzzy
Comprehensive Evaluation
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(Aeronautics and Astronautics Engineering College, Air Force Engineering University,
Xi'an 710038, China))

Abstract ; In order to solve ESM-radar track correlation problem under condition of the influence on the ma-
neuvering target close and cross, this paper presents a track correlation algorithm based on the improved
Fuzzy comprehensive evaluation. In consideration of distance, angle, speed, phase difference and time
difference information of the ESM sensor and radar in the cooperative passive location, the algorithm enri-
ches the fuzzy factor set, gives out a dynamic calculation method of membership degree and weight in fuzzy
comprehensive evaluation, and correspondingly improves the evaluation set and the evaluation criterion.
The simulation results show that when the target is at the distance of 200m, the traditional multi-factor
fuzzy integration judgment algorithm's correlation accuracy is 55. 2%, and this papers algorithm’s correla-
tion accuracy is 74. 0%. Under condition of increasing the target distance and the radar detection error,
this algorithm’s correlation accuracy is always higher than that of the traditional multi-factor fuzzy integra-
tion judgment algorithm.
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