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CILNLES
DOA Estimation Method for Scanning Radar

Based on RBF Network
TONG Ning —ning' , ZHANG Xi - chuan', WANG Guang — ming' , HE Ji — feng’

(1. Missile Institute, Air Force Engineering University, Sanyuan 713800, Shaanxi, China;2. Military Representa—
tive Office of PLA in No. 23 Research Institute of Casic, Beijing 100854 , China)

Abstract : In view of the problem that multiple targets are present in the main — lobe of the rotating radar, a method
based on the idea of spatial spectrum estimation is proposed, which apples the RBF neural network theory to scan—
ning radar. First a signal model of scanning radar system DOA estimation is presented and a high resolution DOA
estimation algorithm is advanced based on RBF network. Then the lower speed of learning and convergence for con—
ventional method is analyzed, thereafter a network learning algorithm based on fuzzy algorithm for learning vector
quantization is proposed. In this method, the fuzzy weigh function of the mean of fuzzy — C and the online adaptive
adjustment is adopted to determine the weigh between the input and the centre, which makes the network possess a
better nonlinear approach performance and high — efficiency convergence. Both the theoretical analysis and the sim—
ulation results indicate that this network is fast and exact in estimation performance. The algorithm is effective and
is of higher practical value.
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